Learning to Refine with Fine-Grained
RN Natural Language Feedback

TA@HB\JS—*;?B Manya Wadhwa, Xinyu Zhao, Jessy Li, Greg Durrett

manya.wadhwa@utexas.edu

Detect, Critique, and Refine (DCR) enables better post-hoc refinement
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Takeaways
1. DCR does better than baseline refinement techniques More results on critique

2. Decomposing Critique into Detect and Critique helps train targeted and more accurate critic models  correctness and faithful
3. Fine-tuned models can perform at-par with stronger models using DCR refinements in the paper!
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